12

oMM OOO0ogoooooooooo

o000 (CUOOUOUODOOUUODOO),0DODOUO,b00DO(@MbOObOOOOn),
Sakti Sekriani, 0 000,000 @O O000000OOCO0OODO)

Motion Generation and Obstacle Avoidance Using HM M sin Object Manipulation Tasks
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Abstract: Itisdesirablefor adomestic service robot to generate natural trajectories when it is commanded to manipulate
objects such as” Put the box here” Although natural trajectories can be generated by imitation learning methods, however
most of them do not consider object collision. In this paper, we present a motion generation method based on hidden
Markov model (HMM) and Rapidly-exploring Random Trees (RRT). Experimental results showed that our method gen-

erated natural, collision-free trajectories.
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4.1 Rapidly-exploring Random Trees (RRT)
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