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Learning Novel Objects from Audio-Visual Input
Based on Out-of-Vocabulary Word Segmentation and Object Extraction
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Abstract— This paper presents a method for learning novel objects from audio-visual input. Objects are
learned using out-of-vocabulary word segmentation and object extraction. We conducted experiments in
which a user taught the names of objects by uttering and showing them to a robot implemented with our
method. The results reveals that our method obtains an accuracy of 88% for the integrated recognition

accuracy of vision and speech.
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